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1- Trend

2- Seasonal

3- Stochastic

4- Deterministic
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1- Non-stationary
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1- Least Squared Error
2- Maximum Likelihood
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1- Holt’s Linear Exponential Smoothing
2- Winter-Holt
3- Box-Jenkins Model
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1- Supervised Learning
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1- Multi-layer Perception (MLP)
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1- Auto Regressive Moving Average (ARMA)
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1- Time Delayed Neural Networks (TDNN)
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1- Fitness

2- Generalization
3- Over Fitting

4- Cross-validation
5- Regularization
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