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Abstract

This study investigates the effect of investor attention on stock excess returns
in the Tehran Stock Exchange, using weekly data from 52 companies over a
five-year period. The Google Search Volume Index (GSVI) is employed as a
proxy for investor attention, and its impact across different return levels is
analyzed using quantile regression. This study distinguishes itself from similar
domestic research both in examining the effect of investor attention on stock
excess returns and in its choice of regression methodology. By utilizing the
quantile regression approach, it is less sensitive to outlier data and avoids
statistical issues such as omitted variable bias. The results indicate that
investor attention has an asymmetric effect on stock excess returns.
Specifically, for stocks whose excess returns lie within the middle quantiles
of the excess return distribution, the effect of investor attention on these stocks
exhibits short-term persistence. Conversely, for stocks whose excess returns
are in the lower quantiles of the distribution, increased investor attention leads
to selling pressure and a decrease in their excess returns in subsequent weeks.
Furthermore, for stocks of companies whose excess returns are in the upper
quantiles of the excess return distribution, an increase in detrended trading
volume has a positive and significant effect on stock excess returns. This study
shows that investors' behavioral indicators can be used as a complementary
tool alongside well-known classical market variables to predict and achieve
higher returns for investors.
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(Quantile) > (Mean) 7 (Min) (Max)
(SD)
ER -0.1084 0.0517 -1.01666 -0.0727
ER1 -0.0035 0.0843 -0.25517 1.11063
SGSVI 0.2166 1.1104 -0.99803 5.90306
1
SGSVI1 0.2245 1.1688 -0.99803 11.49433
VLMt 1.5517 1.0038 -2.87869 6.35560
VLMt1 1.5437 1.1524 -3.98696 6.68386
ER -0.0576 0.0079 -0.07255 -0.04487
ER1 -0.0013 0.0680 -0.23211 0.25818
SGSVI 0.0486 1.0035 -0.99803 9.05452
2
SGSVI1 0.0520 0.9720 -0.99803 9.05452
VLMt 1.3126 0.8631 -3.11606 5.09833
VLMt1 1.4346 1.0213 -3.96128 6.24121
ER -0.0353 0.0051 -0.04486 -0.02691
ER1 -0.0024 0.0665 -1.01666 0.46648
3
SGSVI -0.0366 0.9414 -0.99803 12.88892
SGSVI1 0.0053 0.9988 -0.99803 11.63181
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(Quantile) G (Mean) g (Min) (Max)
(SD)
VLMt 1.3128 0.9061 -2.21866 8.79436
VLMtl 1.3706 1.0268 -4.05710 5.90984
ER -0.0195 0.0042 -0.02689 -0.01245
ER1 -0.0069 0.0566 -0.32661 0.23191
SGSVI -0.1001 0.9460 -0.99803 13.94680
4
SGSVI1 -0.0855 0.9206 -0.99803 13.94680
VLMt 1.1624 0.8808 -4.55567 5.06475
VLMLl 1.2674 0.9712 -5.42141 5.33431
ER -0.0057 0.0039 -0.01245 0.00068
ER1 -0.0042 0.0527 -0.17288 0.26847
SGSVI -0.1370 0.9162 -0.99803 14.15460
5
SGSVI1 -0.1561 0.8568 -0.99803 12.88892
VLMt 1.0433 1.0907 -3.98696 7.10629
VLMt1 1.2055 1.1619 -6.27186 8.79436
ER 0.0076 0.0042 0.00068 0.01523
ERI1 -0.0009 0.0562 -0.37703 0.24641
6
SGSVI -0.1680 0.7641 -0.99803 6.03000
SGSVI1 -0.1464 0.9021 -0.99803 11.97696
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(Quantile) G (Mean) g (Min) (Max)
(SD)
VLMt 1.1036 1.1648 -5.42141 6.52154
VLMtl 1.2111 1.0584 -4.28314 6.39941
ER 0.0243 0.0054 0.01527 0.03395
ER1 -0.0050 0.0566 -0.24022 0.22717
SGSVI -0.0634 0.9550 -0.99803 11.63181
7
SGSVI1 -0.0795 0.9062 -0.99803 14.15460
VLMt 1.2306 1.1161 6.27186- 4.99171
VLMLl 1.2270 0.9583 -4.42937 4.83429
ER 0.0497 0.0100 0.03396 0.06918
ER1 -0.0028 0.0613 -0.18438 0.30058
SGSVI 0.0203 0.9404 -0.99803 5.35408
8
SGSVI1 0.0028 0.9028 -0.99803 4.90023
VLMt 1.5429 0.9842 -3.25138 5.11561
VLMLt 1.4098 0.9584 -5.07648 5.49006
ER 0.1170 0.0505 0.06918 1.11063
ER1 -0.0010 0.0816 -0.99852 0.27980
9
SGSVI 0.2401 1.2480 -0.99803 13.07387
SGSVI1 0.2204 1.2053 -0.99803 13.07387
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(Quantile) G (Mean) g (Min) (Max)
(SD)
VLMt 1.9372 0.9298 -3.64947 6.39941
VLMt1 1.4706 0.9290 -4.55567 5.20950




